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1 Introduction

Poer review pesforms the esseatisl role of quality
Comurol |2 the cissemnALCR Of KAUNC KIow)-
cdgs. Therecen rapid imcroase inacademic oatput
places an immeese busden 01 decilion makers such
as area chuirs asd edidors. is thei decisions must
take into accoust notoaly exiensive musesc-ipts,
bt enormous sdfition] amounts of techmical text
inchding revievs, rebuttals and sther dscussions
Qe boce tem ecal of rescarchin poa review is

woek.
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lubeling wgumests extraceed from the text, vhich
cadtica b comples: snnomtion o mox cxanplea
a1t e expense of research on nn-argumertative
bekavive i peer review. Whis dee i boen
exzasive rescirch and deep analysis of different
ApOcts f peet FEview, the BAXOrOmIes used 1o &e-
scrbe review argumentatson are disparate sed not
directly comparible. Finally, theer has boen limited
ressarch into usderstinding the Giscouse relisons
beoween rebutuls and reviews (Chenget al, 2020;
Ban ctal, 2021), and none so farinto te dscosrse
stracture of rebuttals

Thic paper precesss THSAPERE (Dlenire
Stracture in Azadenic PEor REview), a dataset
foaingon the intemctics between reviewse aad
wuhor'. We give reviews and rebuttals eqeal im.
proviass, aind cinplasice the ket buimene
them. T> enable the study of hehaviors beyoad
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terce of oth the revew and reduttal, wnd pavide
fine-grabied Ubels Or BOb-MEIMEnAIVE [ypes
We annctate % the sessesce kel mot only for
ot aho 10 aveid the propagation
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Inat by providing tnals e help thee efficisnily

of srroes froen argunent detection. We ansotate
ot VIEW-ACTION, FVE-REVIEW-

abuceb the discusioes ey Whikk ma-
chise leaming shouldnot be ucec to prodace con.
densed aczount of the pees review text due t the
risk of amplifying bisses (Zhae ot al., 017) ML
100ls could nevertheless belp masage isformution
oveilowd by ieatifying puscams in the data, such
= agumetative stragies, goals and entions

ACTION, ASPECT, POLARITY) of each review sen.
tence, where the set of pecperties and their values
wee devehaned by s/mtherizing tavoeveses from
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Review: This paper presents a method for adapting a model that has been trained to perform one
task, so that it can perform a new task (potentially without using any new training data at all—i.e.,
zero-shot learning). In some ways the presented work is a form of meta-learning or *meta-
mapping* as the authors refer to it. The premise of the paper is very interesting and the overall
problem is definitely of high interest and high potential impact.

I believe that the presentation of the proposed method can be significantly improved. The method
description was a bit canfusing and unclear to me. The experimental results presented were all done
on small synthetic datasets and it’s hard to evaluate whether the method is practically useful.
Furthermore, no comparisons were provided to any baselines/alternative methods. For example, in
Sections 4 and 5 I was hoping to see comparisons to methods like MAML. Also, I felt that the
proposed approach in Section 5 is very similar to MAML intuitively. This makes a comparison with
MAML even more desirable. Without any comparisons it's hard to tell how difficult the tasks under
consideration are and what would amount to good performance on the held-out tasks.

In summary, I feel the paper tackles an interesting problem with an interesting approach, but the
content could be organized much better. Also, this work would benefit significantly from a better
experimental evaluation. For these reasons I lean towards rejecting this paper for now, but would
love to see it refined for a future machine learning conference.

Also, the work by Platanios, et al. on contextual parameter generation is very relevant to this work as
it tackles multi-task learning using HyperNetworks. It may be worth adding a short
discussion/comparisan to that work as it also considers zero-shot learning.

Minor comments:

- Capitalize: “section” -> “Section”, “appendix” -> “Appendix”, “fig.” -> “Figure”. Sometimes these are
capitalized, but the use is inconsistent throughout the paper.

- “Hold-out” vs “held-out”. Be consistent and use “held-out” throughout.

Rating: 3: Weak Reject

Experience Assessment: [ have published one or two papers in this area.

Review Assessment: Thoroughness In Paper Reading: N/A

Review Assessment: Checking Correctness Of Derivations And Theory: N/A

Review Assessment: Checking Correctness Of Experiments: I assessed the sensibility of the
experiments.

Reviewer recommendation:
3 (Reject)
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Review: Summary:

This paper describes a contextual encoding scheme for reconstruction of 3D pointclouds from 2D

images. An encoder outputs the parameters of a hierarchy of reconstruction networks that can be

:K;)Iied in succession to map random samples on a unit sphere to the surface of the reconstructed
pe.

Strengths:

The author's model was quite novel in my opinion. Deep 2D->3D is becoming a crowded space and
there are many other models that encode image inputs, and many others that perform recursive or
composition-based decoding. However, the particular link here was interesting, and [ appreciate the
small number of parameters resulting in solid reconstruction performance. While most related work
was covered well, I believe the authors could have a more up-to-date list of recent work that
reconstructs triangle-mesh representations from images [A-C) (especially since several of these
methods has an architecture that involves encoding and subsequent compositional refinement).

Some of the reconstructions shown in this paper are quite impressive, and the quantitative results
show outperforming 2 recent methods. | did appreciate also the novel path-based evaluation of
shape accuracy in the Appendix, although it would have been helpful to see more discussion of this
in the main paper.

Areas for improvement:

I found that the core technical description was quite brief and would have benefited from simply
more detail and space. You have argued that your method is sensible to try (cog. sc motivations),
and shown that one instance works, but what can we expect in 3 more mathematical or general
sense? Can any sizes of encoder and mapping network fit together? How does the number of
mapping layers effect performance? Won't we eventually expect vanishing/exploding gradients with
particular activation and can one address this in some way?

I note that recent papers in this field tend to perform significantly more extensive experimental
evaluation, typically selecting a wider range of competitors and using a number of more
standardized metrics including 10U, F1 score and CD and typically repeating these at a variety of
resolutions or on additional datasets or category splits etc.

Decision:

Weak reject because the idea is quite interesting, but I believe a more thorough explanation and
expanded experimental comparison would be of great help to ensure the community can appreciate
this work.

Additional citations suggested:

[A) Pixel2Mesh: Generating 3D Mesh Models from Single RGB Images. Wang, Zhang, Li, Fu, Liu and
Jiang. ECCV 2018.

[B) MeshCNN: A Network with an Edge. Hanocka, Hertz, Fish, Giryes, Fleishman and Cohen-Or.
SIGGRAPH 2019.

[C) GEOMetrics: Exploiting Structure for Graph-Encoded Objects. Smith, Fujimoto, Romero and
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